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Abstract
Social media and loyalty programs are mainstays of contemporary marketing, but despite their prominence—and their potential
synergies—the two are seldom researched together. Here, drawing on the heuristic-systematic model, we theorize and demon-
strate that the dimensions of customer experience in brand-generated social media content lead to different sales responses from
loyalty program and non-loyalty program customers. Based on several thousand social media posts connected to both loyalty and
non-loyalty program sales, we show that relational and intellectual content have greater effects in driving sales to loyalty program
members while behavioral content drives greater sales to non-loyalty program members. These findings improve our under-
standing of the financial outcomes of social media tactics, providing researchers and marketers with an understanding of the
differences in responses across customer groups and a framework to optimize social media content.
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Introduction

Digital transformation has pushed firms to prioritize social me-
dia as a mainstream marketing communication channel
(Moorman, 2020; Rietveld et al., 2020). Social media brings

firms closer to the public and encourages brand-based user
experiences (Colicev et al., 2018). Brand-generated content
(BGC) is disseminated with the aim of enhancing brand expo-
sure, generating web traffic, and improving firm performance
(Kanuri et al., 2018; Kumar et al., 2016). Fortune 500 firms are
all represented on at least one social network; 100% have an
active account on LinkedIn, most also employ Twitter (96%),
Facebook (95%), and Instagram (73%: Center for Marketing
Research, 2020). Firms increasingly incorporate social media
into a range of activities, with a particularly relevant role in
areas related to customer management such as loyalty programs
(Rehnen et al., 2017). While social media spending has grown
dramatically, marketers have consistently rated social media’s
contribution to firm performance poorly and reported difficulty
connecting social media with performance (Moorman, 2020).

Ensuring the effectiveness of social media tactics alongside
a loyalty program is vital; both tools have the capacity to deep-
en customer relationships and foster retention (Stanko et al.,
2019). Loyalty program members have been reported to be
more likely to spread positive word of mouth (Bond, 2019),
making them ideal customers to engage via social media. Some
brands have attempted to capitalize on loyalty program mem-
bers’ enthusiasm by maintaining distinct social media accounts
for their loyalty programs. For example, Virgin Red is a highly
gamified loyalty program, attempting to build loyalty across the
Virgin companies. The program is supported by distinct social
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media content for Virgin Red members across multiple plat-
forms (e.g., Facebook, Twitter, Instagram). On the other hand,
many brands do not specifically tailor communication for loy-
alty program members via social media. For instance,
Starbucks, which reported that its loyalty program accounted
for 40% of US store transactions (Fantozzi, 2019), terminated
its distinct Twitter account for its reward members in 2018,
instead pushing these customers to the main Starbucks account.
Of course, there are costs and complexity associated with run-
ning multiple social media accounts, though this study offers
evidence that—when used appropriately—different types of
content most effectively spur loyalty program members toward
purchases. Despite strong managerial interest in improving
both social media and loyalty programs, marketers lack a sys-
tematic understanding of how social media content increases
firm performance and how users differentially react to this con-
tent depending on whether or not they are members of a firm’s
loyalty program.

We focus on BGC’s ability to evoke experiences in
users during social media interactions, an important but
largely overlooked aspect of social media marketing
(notably, Bleier et al., 2019 examine experiential
dimensions in the context of web page design).
Accordingly, we adopt the five dimensions of customer
experience proposed by Schmitt (1999): relational (so-
cial reactions), intellectual (thoughts and cognition), af-
fective (moods, feelings, and emotions), sensory (sensa-
tions and neurophysiological reactions), and behavioral
(actions). This framework provides the most comprehen-
sive possible starting point to address experiential con-
tent in the contemporary context of social media. Based
on theoretical arguments grounded in the heuristic-
systematic model (Chaiken, 1987), we propose and em-
pirically demonstrate that these experiential dimensions
of BGC have distinct sales effects on social media users
belonging to the firm’s loyalty program, due to differ-
ences in the depth of processing of the brand’s mes-
sages between loyalty program members and non-mem-
bers. Here, we distinguish between online sales made to
loyalty and non-loyalty program members to examine
differences in the effectiveness of these dimensions in
driving sales. We analyze a longitudinal dataset that
includes 3646 social media posts (following Berger &
Milkman, 2012) from a European operator of snow
tourism resorts—coupled with online sales data for both
loyalty program and non-loyalty program sales. Findings
demonstrate that relational and intellectual content are
more effective at driving online sales to loyalty program
members while behavioral content generates online sales
disproportionately to non-loyalty program members.

There is growing research interest in BGC (de Vries et al.,
2017; Kumar et al., 2016; Meire et al., 2019). Prior studies
have investigated how message characteristics impact

customers (Smith et al., 2012). One body of research exam-
ines the form employed; for instance, whether the message
includes multimedia content (e.g., Kent et al., 2003). A second
body of research explores the impact of message timing
(Golder et al., 2007; Rutz & Bucklin, 2011), and a third fo-
cuses on the valence of the message (e.g., Colicev et al.,
2018). Although these studies have generated relevant knowl-
edge, they collectively ignore the experiences that BGC can
evoke in users. To understand social media’s effectiveness, we
argue and demonstrate that it is essential to take a multidimen-
sional viewpoint. The dimensions of customer experience
break down BGC into a managerially practical framework
based on the experience generated for the message recipient.

Most studies on BGC examine social media responses with-
in the platform, such as likes, shares, and comments (de Vries
et al., 2012; Sabate et al., 2014). On the other hand, only a few
scant works connect BGC to financial metrics, such as spend-
ing behavior and stock market performance (Goh et al., 2013;
Park et al., 2018). Generally, the literature has not yet thor-
oughly examined the influence of BGC on online sales. This
study advances research in this area by showing a strong con-
nection between dimensions of customer experience and sales.

Prior work largely assumes that all users process BGC in a
similar way, regardless of their relationship with the firm. To
the authors’ knowledge, no prior study has examined the dif-
ferential sales effects of experiential BGC characteristics on
loyalty program and non-loyalty program customers (see
Table 1). One relevant paper is Kumar et al. (2016), who find
that the effect of BGC is greater for customers with lengthier
brand experience. Building on this, we make a theoretically
supported, managerially relevant contribution to the social
media marketing and loyalty program literatures by showing
that firms will have different levels of success with the same
BGC for loyalty and non-loyalty program members. That is,
we identify the dimensions of experiential content that have
greater effects on sales based on loyalty programmembership.
This is a finding of tremendous practical relevance in a
domain that has not yet been well examined by re-
searchers. Specifically, we demonstrate that relational
and intellectual experiential content have greater effects
in driving online sales to loyalty program members
while behavioral experiential content better generates
online sales with non-loyalty program members. Thus,
it seems advisable—where possible—for firms to post
distinct content for each group.

The remaining sections are organized as follows. The next
section develops the background for our research, reviewing
key concepts. Following this, hypotheses are developed. We
then describe the evaluation of posts and data assembly. The
hypotheses are tested using two-step Generalized Method of
Moments (GMM). We discuss implications from these find-
ings before concluding with limitations and future research
directions.
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Research background

Brand-generated content

Whether firms are successful in encouraging desirable user
behaviors through social media depends to a great extent on
the content published. Consistent with Kumar et al. (2016, p.
9), we define brand-generated content (BGC) as “firm-initiat-
ed marketing communication in its official social media
pages.” Thus far, in evaluating message characteristics, three
coexisting categories have emerged: message form, timing,
and valence.

First, message form refers to the vividness and inter-
activity of the message (Kent et al., 2003). Vividness is
the ability to depict a virtual situation in ways that
approximate reality (Liu-Thompkins & Shrum, 2002),
while interactivity is defined as “the degree to which
two or more communication parties can act on each
other, on the communication medium or on the content
and the degree to which such influences are synchro-
nized” (Liu-Thompkins & Shrum, 2002, p. 54). de
Vries et al. (2012) and Cvijikj and Michahelles (2013)
demonstrate positive effects of vividness on the number
of likes, but non-significant (de Vries et al., 2012) and
negative effects of interactivity (Cvijikj & Michahelles,
2013) have also been observed.

Second, research related to message timing analyzes how
the day of the week (e.g., working days vs. weekend) and the
time of day (e.g., business vs. leisure hours) of the post impact
its effectiveness (Golder et al., 2007; Rutz & Bucklin, 2011).
Social media scheduling is recognized as an important mar-
keting tactic with the potential to increase revenue (Kumar
et al., 2016).

Third, message valence refers to the positivity or negativity
of the message. Research on BGC valence highlights the ef-
fect of positivity in instilling good feelings in consumers, cre-
ating a favorable brand image and promoting purchases (Wu
et al., 2018).

There are varying perspectives on analyzing message con-
tent beyond these categories. Studies have classified content
in various ways, such as informative and brand-personality
related content (Lee et al., 2018) or informational, promotion-
al, and community-building content (Saxton &Waters, 2014).
The distinction between informative and emotional appeals
appears meaningful (Akpinar and Berger 2017; Lee et al.,
2018; Nisar et al., 2020; Rietveld et al., 2020). It is noteworthy
that, while these research themes pertain to the content pub-
lished, very few studies have deeply considered the customer
experiences that BGC can evoke (Table 1), a gap which we
intend to address.

Regarding responses to BGC, existing research can be
placed in two categories: (1) studies that address user reactions

Table 1 Selected research on brand-generated content and loyalty programs

Study Form Timing Valence Customer Experience Loyalty
Program

DEPENDENT VARIABLE

Sales Other

Current study ✔ ✔ X Relational, Intellectual,
Affective, Behavioral,
Sensory

✔ ✔ No

Nisar et al. (2020) X X ✔ No X X User engagement; Firm financial
performance

Rietveld et al. (2020) X X X No X X User engagement: likes, comments

Bleier et al. (2019) ✔ X X With respect to Web Page Design:
Informativeness, Entertainment, Social

Presence and Sensory Appeal

X ✔ No

Lu and Miller (2019) X ✔ X No ✔ ✔ No

Meire et al. (2019) X ✔ X No X X Customer sentiment

Yang et al. (2019) X X X No X X Customer offline purchasing: spending
and price insensitivity

Colicev et al. (2018) ✔ X ✔ No X X Awareness, customer satisfaction,
purchase intent

Kanuri et al. (2018) X ✔ X No X X Link clicks

Kumar et al. (2016) X X ✔ No X X In-store metrics: spending, cross-buying
behavior and customer profitability

Martin et al. (2015) X X X Affective, Behavioral X X Purchase intention

Goh et al. (2013) ✔ X ✔ No ✔ X Purchase expenditure

De Vries et al. (2012) ✔ X ✔ No X X Brand post likes and comments
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within the social network, and (2) studies that address the
consequences of BGC outside the social network. Research
in the first category has largely focused on Facebook, analyz-
ing social interactions that spread BGCwithin the network (de
Vries et al., 2012; Kim & Yang, 2017). Most of these studies
investigate outcomes such as likes, comments, and shares,
viewing these micro-reactions as proxies for brand popularity
and customer engagement (Kim & Yang, 2017; Sabate et al.,
2014), and taking for granted that this engagement drives sales
(Meire et al., 2019). Equating micro-reactions such as likes
and shares with financial success is something that marketers
have been skeptical of (Hoffman & Fodor, 2010), posing a
challenge for marketing researchers to connect social media
tactics with financial outcomes.

The second (less developed) line of research focuses on the
consequences of BGC beyond the social network. Recent
work in this area explores how BGC affects consumer aware-
ness (Dabbous & Barakat, 2020), attitude (Wang et al., 2019),
loyalty (Hajli et al., 2017), and commitment (Demiray &
Burnaz, 2019). Other studies examine customer-level metrics
such as purchase behavior, expenditures, and price sensitivity
(Goh et al., 2013; Kumar et al., 2016; Mochon et al., 2017).
Kumar et al. (2016) analyze the effect of firm-generated social
media content on in-store metrics: spending behavior, cross-
buying behavior, and customer profitability. Most research in
this category focuses on the individual customer, overlooking
important firm-level metrics (Stephen & Galak, 2012 is one
exception). This work intends to fill this gap by examining the
effect of BGC on the entirety of a firm’s online sales.

Customer experience

Holbrook and Hirschman (1982) present an experiential per-
spective on consumption, proposing that products are con-
sumed within the individual’s awareness with connections to
symbolic meanings, hedonic responses, and aesthetic criteria.
Customer experience is a view of consumption that goes be-
yond the rational approach applied in the economic literature
(Schmitt, 1999). Experience is viewed as the response cus-
tomers have to direct or indirect contact with the firm. Direct
contact occurs during the purchase and use of a product or
service, and is usually initiated by the customer, while indirect
contact takes the form of word-of-mouth recommendations or
criticism, advertising, news reports, and so forth (Meyer &
Schwager, 2007). During this contact, consumers are exposed
to various brand-specific stimuli, such as colors, shapes, type-
faces, slogans, and characters (Veryzer & Hutchinson, 1998),
which are part of the brand’s design, identity, and environ-
ment. These elements make up part of the stimuli to consumer
responses that Brakus et al. (2009) labeled “brand experi-
ence.” Brand experiences vary in strength and valence, being
more or less intense, positive or negative. These experiences
can also be short-lived or long-lasting. Overall, strong,

positive, and long-lasting customer experiences generate de-
sirable marketing outcomes, such as positive attitudes, satis-
faction, and loyalty (Brodie et al., 2013).

Scholars have taken several viewpoints on the dimension-
ality of customer experience. On one hand, some researchers
measure the concept in an aggregated way, examining the
effect of experience through a single factor (Srivastava &
Kaul, 2016). On the other hand, many authors consider expe-
rience to be a multidimensional concept (Rose et al., 2012).
Each dimension may take on varying importance depending
on the situation. Schmitt’s (1999) framework is one of the
earliest and most influential multidimensional frameworks of
customer experience, proposing five modules with which
marketers can create customer experiences: relate, think, feel,
act, and sense. While Schmitt’s framework has been widely
adopted, his theoretical framework has also subsequently been
employed by others in a reduced form. For instance, Brakus
et al. (2009) use only four dimensions of brand experience:
intellectual (i.e., think), affective (i.e., feel), behavioral (i.e.,
act), and sensory (i.e., sense), considering relational experi-
ence to be subsumed within the affective dimension.
Similarly, Verhoef et al. (2009) highlight the multidimension-
al nature of the experience in retail branding, considering cog-
nitive, affective, emotional, social, and physical responses.
Homburg et al. (2015) suggest that customer experience is
the evolution of a person’s sensorial, affective, cognitive, re-
lational, and behavioral responses to a brand developed over a
series of touchpoints.

Social media messages published by the firm can also evoke
experiences in users. Thereby, we propose the importance of
testing a multidimensional framework of experience in this con-
temporary context as a starting point toward understanding each
dimension’s performance implications. Given that this is the first
application of a customer experience framework to social media,
we adopt Schmitt’s (1999) full set of five dimensions to take the
most comprehensive viewpoint possible. These dimensions are
well established in past research (e.g., Lemon and Verhoef
2016) and allow us to connect our theorization and findings to
research on customer experiences in other contexts.

Loyalty programs and information processing

Loyalty programs are attempts at building customer relation-
ships to improve business performance through better reten-
tion (Gorlier & Michel, 2020). Loyalty program usage has
expanded dramatically across industries since the early days
of frequent flyer miles in the 1970s. Studies in this area span a
variety of industries: retail (Bruneau et al., 2018;
Evanschitzky et al., 2012; Hwang & Choi, 2020; Leenheer
et al., 2007; Lewis, 2004; Maity & Gupta, 2016), financial
(Gorlier & Michel, 2020; Kang et al., 2015), and travel (Liu
& Yang, 2009; Steinhoff & Palmatier, 2016).
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While loyalty programs have proliferated, questions have
arose regarding the cost/benefit of implementation
(Henderson et al., 2011; Liu-Thompkins & Shrum, 2002),
particularly given the saturation of competing loyalty program
offerings (Chaudhuri et al., 2019; Zhang & Breugelmans,
2012). Recent contributions in this area have explored the role
of gamification for loyalty programs (Hwang & Choi, 2020),
the impact on store loyalty (Meyer-Waarden, 2015), and how
to maintain long-lasting customer relationships (Bruneau
et al., 2018).

The effectiveness of loyalty programs has come under par-
ticular scrutiny for firms that market their products online
(Dorotic et al., 2014). Importantly, our literature review re-
veals a paucity of studies at the intersection of social media
and loyalty programs. In two rare exceptions, Rehnen et al.
(2017) find that social media engagement can increase the
effectiveness of intrinsic motivation for customers to remain
loyal, while Lu and Miller (2019) conclude that long-term
loyalty program customers are more responsive to social me-
dia posts with environmental themes. Looking at the literature,
it is clear that the current state of research does not provide
managers with meaningful, comprehensive advice in terms of
managing social media for loyalty program success. This
study intends to bridge this gap.

The heuristic-systematic model (Chaiken, 1987) proposes
two co-existing modes of information processing: systematic
and heuristic. Systematic processing involves attempting to
thoroughly understand information through careful analysis
(Chaiken & Ledgerwood, 2011) and only occurs when an
individual has the motivation and ability to take on this deeper
processing of information (the sufficiency principle; Chaiken
& Ledgerwood, 2011).When applying systematic processing,
judgments are responsive to the content of information, rather
than more superficial cues (Chen & Chaiken, 1999). On the
other hand, heuristic processing is relatively automatic and
focuses on salient and easily processed cues that activate judg-
mental shortcuts by which individuals exert little cognitive
effort, processing information by means of simple schemas.
We consistently argue that loyalty program members have a
higher level of desired expertise regarding the brand and, thus,
they are more able and motivated to process brand-originated
social media messages through systematic processing (Griffin
et al., 2002). This desire takes shape for several reasons, which
are consistent with the motivators for selective information
processing theorized by the heuristic-systematic model.
First, loyalty program members are more likely to benefit
from increased knowledge (i.e., there is a greater importance
of having accurate brand knowledge—the accuracy motiva-
tion is more deeply engaged), given their signal of an ongoing
relationship with the brand. Second, loyalty programmembers
have a heightened tendency to protect their established view
of the brand (the defense motivation) and preserve existing
viewpoints (Chen & Chaiken, 1999). Third, loyalty program

members are more motivated to systematically process infor-
mation congruent with the community of customers that they
are affiliated with (the impression motivation; Chaiken et al.,
1996; Chen & Chaiken, 1999). Overall, the increased pres-
ence of these motivations leads us to expect that loyalty pro-
gram customers are more apt to process brand-originated mes-
sages systematically, consistent with prior work showing per-
sonal relevance to be associated with systematic processing
(Todorov et al., 2002).

Accordingly, we present arguments below that social me-
dia messages demanding a greater amount of processing from
recipients (messages that are, for instance, highly intellectual)
will have a greater effect in driving sales to loyalty program
members. On the contrary, non-loyalty program members are
more likely to consider brand-originated social media postings
to be just another social media post in a distraction rich digital
environment. Thus, they are not as willing to invest cognitive
resources in deeply processing these posts and are more re-
sponsive to content that can be appreciated with less effort.
Given this, we argue that immediately and easily understand-
able messages (for instance, highly behavioral messages)
more strongly encourage consumption from non-loyalty pro-
gram members. This is consistent with Chen and Chaiken’s
(1999, p. 93) view “that there may be particular instances in
which heuristic processing contributes as much or even more
than systematic processing” to persuasion.

While the hypotheses put forward below do not constitute a
direct test of the heuristic-systematic model, we present a pilot
study that tests the premise that loyalty program members are
more apt to systematically process brand-originated social me-
dia messages in Web Appendix A. In this study, MTurk par-
ticipants were shown a brand originated social media mes-
sage. Those participants who belong to the brand’s
(Starbucks was used for the pilot study) loyalty program re-
port significantly higher levels of systematic processing of the
social media post than did participants who were not loyalty
program members (p = .001).

Hypotheses

The following arguments relate each of Schmitt’s (1999) five
experiential dimensions with sales to both loyalty program
members and non-members. These hypotheses consistently
argue that those experiential dimensions requiring a greater
amount of processing from recipients will drive sales to loy-
alty program members more so than to non-loyalty program
members.

Relational content

The relational (sometimes referred to as social) dimension
refers to the extent that a message “expands beyond the
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individual’s personal, private feelings, thus relating the indi-
vidual to something outside her/his private state” (Schmitt,
1999, p. 62). Individual consumers develop brand relation-
ships (both on and offline) in a pattern that promotes their
identification with the brand (Cha et al., 2015). For loyalty
program members, their pre-existing brand identification (sig-
naled through membership) allows social media messages
with themes affiliating the brand with customers’ social sys-
tems to more strongly resonate and generate sales. On the
contrary, non-loyalty program members, who have less estab-
lished brand relationships, will not be moved toward purchase
by social media messages that attempt to connect the (less
familiar) brand with a larger sense of the message recipient’s
self and with others. The heuristic-systematic model holds that
systematic processing depends in part on the message recipi-
ent’s ability to thoughtfully process the message (Chaiken &
Ledgerwood, 2011). Given their increased identification with
and knowledge of the brand, the ability of loyalty program
members to deeply process relational messages that align the
brand with their social systems is enhanced when compared to
non-loyalty program members.

The processing of relational content logically connects
with the heuristic-systematic model’s impression motivation.
When the impression motivation is engaged, individuals are
more likely to systematically process information pertaining
to their social objectives (Chen et al., 1999). Thus, we argue
that posts which are high on the relational dimension will
more meaningfully impact sales to loyalty program members,
given that the increased social relevance of the message makes
deeper, systematic processing more likely for this group.
When directed to non-loyalty program members, relationally
themed messages will be more likely to trigger distraction as
recipients’ attention shifts away from the stimulus (Teixeira
et al., 2012), rendering relationally themed posts less effective.

H1 Relational content will have a more positive effect on
sales to loyalty program members when compared to
non-loyalty program members.

Intellectual content

Intellectual communication with social media users requires
thoughtful, logical message processing for messages to be
understood and to effectively prompt consumer response.
Generally, individuals are motivated to hold correct attitudes
(the accuracy motivation; Chaiken & Ledgerwood, 2011),
which can be upheld by intellectual arguments. However, re-
cipients will only engage in critical thinking regarding their
brand-based beliefs when they are highly involved with a
brand, motivated by the brand’s established personal rele-
vance (consistent with the sufficiency principle). Given that
loyalty program members have signaled their involvement
with the brand and demonstrated brand relevant experience,

they are more willing to deeply process intellectual messag-
ing; thus, this variety of message will have a greater effect in
driving sales to loyalty program members. Loyalty program
members may also have an increased desire for detailed con-
tent related to the brand’s service and technical procedures
(Raab et al., 2015), making intellectual content even more
engaging for this group of consumers (Kaplan, 2012).

On the contrary, we argue that non-loyalty program mem-
bers are generally less involved with the brand and, thus, are
less motivated to allocate cognitive effort to process the
brand’s social media messages. In this case, intellectual con-
tent may not be fully understood or appreciated by recipients,
rendering intellectual messaging less impactful on non-loyalty
program members. This argument represents our purest test of
heuristic-systematic logic; more cognitively demanding social
media messages require deeper, more effortful processing to
be effective.

H2 Intellectual content will have a more positive effect on
sales to loyalty program members when compared to
non-loyalty program members.

Affective content

Research grounded in dual process models of information
processing, including work grounded in the heuristic-
systematic model as well as related work drawing on the
Elaboration Likelihood Model (ELM), has included debate
regarding the most effective processing path for affective per-
suasive cues (Petty et al., 2003). Accordingly, we put forward
competing hypotheses concerning the relative impact of the
affective dimensions on loyalty and non-loyalty program
members.

First, some research has made an association between af-
fect and low effort, even unconscious processing (Kitchen
et al., 2014). Emotional words are relatively easy to process
(Gendron et al., 2012) and affect can be simply understood as
a signal of positivity (Guo et al., 2020), losing its impact in
situations that require investing more cognitive resources
(Vakratsas & Ambler, 1999). Therefore, if message recipients
are relying on shallower processing, affective content may be
an appropriate path to persuasion since it allows them to rel-
atively effortlessly associate emotions with the brand (Petty
et al., 2003).

However, a competing argument is also viable, which con-
siders the arguments of theorists who have viewed cognition
to have an “emotional core”, meaning that affective content
may be more impactful under systematic processing (Kitchen
et al., 2014; Petty et al., 2003). Having a personal interest is
central to experiencing emotion (Teixeira et al., 2012).
Loyalty program customers have already established affective
relationships with the brand, so they are prone to process
emotional information that is consistent with their current
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view (the defense motivation; Chaiken& Ledgerwood, 2011).
Accordingly, loyalty program customers may be more apt to
access this emotional core when processing a message from
the brand, the affective experience becoming central to their
decision making (Petty et al., 1988). Thus, messages with
emotional themes may be more impactful on loyalty program
members with relatively deep brand connections.

Given these opposing arguments, we see fit to propose
competing hypotheses:

H3a Affective content will have a less positive effect on
sales to loyalty program members when compared to
non-loyalty program members.

H3b Affective content will have a more positive effect on
sales to loyalty program members when compared to
non-loyalty program members.

Behavioral content

Behavioral content focuses on physical experiences,
showing message recipients alternative ways of doing
things. As Schmitt (1999) discusses, behavioral, or
“act” tactics serve to motivate the viewer by, in some
cases, providing role models of behaviors associated
with the brand. Examples include Nike’s “Just do it”
campaign as well as Patagonia’s sustainability messag-
ing. Generally, these easily understandable messages do
not require deep, cognitive processing to be well under-
stood; recipients are able to quickly and effortlessly re-
late their own behavior to the product or brand. This
connects to an important element of social media prac-
tice: while some BGC may set up future messages or
develop previous themes (Batra & Keller, 2016), behav-
ioral content is generally relatable on its own. In this
way, behavioral content is an ideal dimension to reach
non-loyalty program members.

We consistently argue that customers with less estab-
lished brand connections (i.e., non-loyalty program mem-
bers) have less motivation to deeply process message con-
tent. Therefore, behaviorally themedmessages, which easily
relate to customer behaviors and demand little in terms of
cognitive resources, are better suited for these non-loyalty
program customers. It is also noteworthy that seeing role
models fostering consumption behaviors can have the addi-
tional benefit of exposing non-loyalty program members to
the brands’ service processes (Raab et al., 2015), which may
further result in favorable outcomes from this group.
Processing behavioral content through deep, systematic pro-
cessing, which is more likely applied by loyalty program
customers, has less effect given that behavioral content likely
does not meaningfully add to their already established cog-
nitive connections with the brand.

H4 Behavioral content will have a less positive effect on
sales to loyalty program members when compared to
non-loyalty program members.

Sensory content

Sensory content, which appeals to sight, sound, and
other senses, should generate the most immediate vis-
ceral response from recipients (Malhotra, 2013).
Humans innately respond to sensory cues, which require
little cognitive effort to process—thus, systematic pro-
cessing is not required. Sensory content establishes low
cognitive effort association to the brand (Petty et al.,
2003), well suited to non-loyalty program members.
Kaplan (2012) discusses a related classification of social
media brand followers that they label “quick-timers,”
akin to non-loyalty program members in our context.
These quick-timers require instantaneously stimulating
content, as many of these users will not devote high
levels of cognitive processing to these messages, given
their lack of brand identification. Immediately apprecia-
ble, stimulating sensory content is well suited to the less
thoughtful processing that non-loyalty program members
are more likely to allocate to social media messages
from the brand. As with behavioral content, sensory
content does not need to build on previously established
themes (Batra & Keller, 2016), making this dimension
ideal for reaching non-loyalty program members.

H5 Sensory content will have a less positive effect on sales to
loyalty program members when compared to non-loyalty
program members.

Methodology

Data

To fulfill the study’s objectives, we draw on two unique
datasets from a prominent operator of snow tourism resorts
in Europe. Information on 1) the nature and content of the
social media posts and 2) online sales data are compiled into
the respective datasets.

The first dataset comprises detailed information on the so-
cial media posts of the firm between October 2015 and April
2017. During this time, the primary social media platform
used by the firm to communicate with customers was
Facebook, from which we draw all data regarding its social
media activity. It should be taken into account that Facebook
had the highest number of users in the firm’s home country
(Statista, 2019). The focal firm only posted content organical-
ly (i.e., not paid social media advertising) and did not create
unique content for any user groups. That is, both loyalty
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program members and non-members were exposed to the
same social media content.1 The raw dataset includes 4457
non-sponsored social media posts made by the firm. After a
data cleaning process that involved eliminating posts during
any time period when the e-commerce application was not
available, we arrived at the final dataset, which includes
3646 social media posts made by the firm. This dataset in-
cludes (1) date and time of publication of the social media
post, (2) content of the post, (3) reach of the post, i.e., the
number of people who viewed the post, (4) destination related
to the post, and (5) weather favorability for snow tourism.

The second dataset tracks the firm’s online sales. We focus
on online sales as the firm only runs its loyalty program on-
line. Overall, online sales constitute 45% of the firm’s sales
providing a substantial dataset to test our hypotheses.
Specifically, online sales captured in this variable are gener-
ated through an online platform that exclusively sells ski-
passes—the core offering of this firm—to both loyalty pro-
gram members and non-members. We note that hotel book-
ings are handled by an independent firm and are not included
in this dataset. Customers pay ahead of time to purchase ski
passes; the amount cannot be refunded. The dataset includes
detailed information related to each online transaction includ-
ing: (1) date and time, (2) amount, (3) destination for the
transaction, and (4) whether or not the sale was within the
firm’s loyalty program.

These datasets were merged using individual social media
posts as the matching variable. Thus, the unit of our analysis is
the individual social media post, with online sales as the main
outcome. Online sales are tracked for both loyalty program
members and non-members; the data is structured with obser-
vations for both loyalty program and non-loyalty program
sales for each post. Sales are attributed to a focal social media
post if they occurred between the time of the publication of the
focal social media post and the next social media post. We
refer to this time period as the active time period of a social
media post. This approach has been applied by other research
on BGC that analyzes firm-level metrics (e.g., Stephen &
Galak, 2012) and by previous studies on user-generated con-
tent, which examine the influence of customers’ opinions on
product sales (e.g., Dellarocas et al., 2007; Marchand et al.,
2017). We find that 72% of the sales occur in the first-half life
of the post, the first half of the time period between two con-
secutive posts, suggesting that a substantial degree of online
sales can be attributed to these social media posts.

Operationalization of variables

Dependent variable Our dependent variable is the natural log
of online sales generated during the time period between a

focal post and the next social media post. Sales has been
considered a desirable dependent variable for social media
research, going beyond easily available non-financial metrics
such as likes and shares (de Vries et al., 2012; Sabate et al.,
2014), allowing the examination of social media’s effect on
financial performance (Chevalier &Mayzlin, 2006; Nga et al.,
2013). Online sales are recorded separately for loyalty pro-
gram members and non-members for each post.

Independent variables As explained above, our key indepen-
dent variables of interest are the five dimensions of customer
experience, that is, relational, intellectual, affective, behavior-
al, and sensory content. All posts were rated independently on
each of these five dimensions (using five-point scales) by
human raters. It is possible for a post to have the highest (or
the lowest) score on multiple dimensions. Human raters can
classify content that cannot be measured by automated coding
systems, such as the simultaneous employment of several for-
mats (that is, text, photos, and videos), the inclusion of tools
with meaning (e.g., emoticons or GIFs) and the existence of
certain characteristics in the message (e.g., sense of humor,
anger, or irony). In these cases, human raters can apply homo-
geneous criteria to evaluate each post. Given the different
types of messages posted on Facebook (compared to other
predominantly textual networks such as Twitter), we rely on
human raters to quantify the extent to which each post evokes
each dimension of customer experience. After demonstrating
an understanding of the different formats, tools and message
characteristics, as well as the ability to manage databases,
three human raters evaluated the firm’s posts. Raters were
blind to our hypotheses.Web Appendix B shows one example
of an actual social media post with the scores obtained on each
of the five content dimensions (somewhat akin to Kim et al.,
2021). This Appendix also presents 10 examples of social
media posts that have obtained the highest and lowest possible
scores on each experiential dimension including the scores on
the other dimensions (posts in Web Appendix B have been
translated). The evaluation process was divided into six
phases (Berger & Milkman, 2012) and is described in detail
in Web Appendix C.

The loyalty program variable indicates whether sales were
made to the firm’s loyalty program members.

Control variablesWe have several control variables in our
analyses to account for other factors that may influence
sales. Specifically, we account for weather favorability
for snow tourism, the season of publication of the social
media post, the reach of the post measured by the num-
ber of unique users who saw the post in their news
feed, the length of the post (number of words), whether
the social media post contains multimedia content or
only text, whether the post mentions a specific event,
whether the post was published during holidays, the

1 Importantly, the firm did not conduct member-only events. That is, the same
offerings were available to both loyalty and non-loyalty program customers.
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time of day the post was published, and the destination
related to the post.

These variables, their operationalization and descriptive
statistics are detailed in Table 2. Table 3 includes correlations
for all variables. Figures 1, 2, 3 plot noncumulative sales
across published posts, distinguishing between loyalty and
non-loyalty program sales.

Model formulation

The key objective of this study is to understand how the di-
mensions of experience in BGC differentially influence a
firm’s online sales depending on whether the customer be-
longs to its loyalty program. Thus, we formulate the following
model:

Ln Sales j
� � ¼ β0 þ β1 Relational Content j

þ β2 Intellectual Content j

þ β3 Affective Content j

þ β4 Behavioral Content j

þ β5 Sensory Content j

þ β6 Loyalty Programj

þ β7 Relational Content j*Loyalty Programj

þ β8 Intellectual Content j*Loyalty Programj

þ β9 Affective Content j*Loyalty Programj

þ β10 Behavioral Content j*Loyalty Programj

þ β11 Sensory Content j*Loyalty Programj

þ β12 Weather Favorability j þ β13 Seasonj

þ β14 Ln Reachj
� �þ β15 Ln Word Count j

� �

þ β16 Multimedia j þ β17 Specific Event j

þ β18 Holidaysj þ μ j þ λ j þ ε j

Where Ln(Salesj) is the logarithmic value of firm sales
related to a post j, Relational Contentj is the relational experi-
ential rating of post j, Intellectual Contentj is the intellectual
experiential rating of post j, Affective Contentj is the affective
experiential rating of post j, Behavioral Contentj is the behav-
ioral experiential rating of post j, Sensory Contentj is the sen-
sory experiential rating of post j. Loyalty Programj is a dum-
my variable that takes the value 1 if the firm sales related to the
post j belong to the loyalty program and 0 otherwise,Weather
favorabilityj is a dummy variable that takes the value 1 for
favorable weather and 0 otherwise, Seasonj is an indicator
variable that can take values 1 or 2 depending on the season

when the post j was published (2015–16 or 2016–17, respec-
tively), Ln(Reachj) is the logarithmic value of the reach vari-
able that measures the number of unique users the social me-
dia post j reached,Word Countj is the total word count of the
post j,Multimediaj is a dummy variable that takes the value 1
if the social media post j has multimedia content (i.e., photos
and/or videos) and 0 if it contains only text, Specific Eventj is a
dummy variable that takes the value 1 if the social media post j
refers to a specific event and 0 otherwise, Holidaysj is a dum-
my variable that takes value 1 if the post j is published during
holidays and 0 otherwise, μj are the time fixed effects related
to the time of day the social media post j is published, and λj
are the destination fixed effects related to the destination of the
social media post j.

We checked for heteroscedasticity by conducting the
Breusch-Pagan/Cook-Weisberg test statistic, which indicated
that the regression disturbances are related to the independent
variables (χ2 = 11.76; p < 0.01). To avoid the problems
associated with heteroscedasticity of unknown form, we em-
ployed the two-step GeneralizedMethod ofMoments (GMM)
estimator (Baum et al., 2003; Greene, 2000).

Possible confounds related to endogeneity are potentially
critical for our empirical analysis (e.g., Chintagunta et al.,
2010). The model is subject to dynamic endogeneity because
our dependent variable, Salesj, is determined in part by its past
realizations. This type of endogeneity relates to the effect of
unobservable firm characteristics. Sales associated with a new
post are determined not only by the content of the post but also
by unobserved variables whose importance is reflected in pre-
vious sales. To account for such endogeneity, we propose a
dynamic model and include the lag of the dependent variable
as an explanatory variable in our econometric model.

We also investigate another potential source of
endogeneity. It seems likely that the control variable, Reachj,
is endogenous. While Reachj is likely to influence sales, it is
also possible that customers, after purchasing a firm’s product,
may browse the firm’s social network and be exposed to re-
cently published posts. Following this argument, we propose
that Reachj may be an endogenous variable and therefore, we
need to use an instrument to account for this source of
endogeneity. We test the equation for potential endogeneity
using the Durbin-Wu-Hausman test (difference-in-Sargan sta-
tistic for GMM estimations). The results affirm that this equa-
tion is affected by endogeneity for Reachj: χ

2 = 27.00; p <
0.01), thus this variable should be instrumented in order to
avoid bias. An appropriate instrumental variable should fulfill
two criteria to correct endogeneity: the relevance and exclu-
sion restrictions (Angrist et al. 1996). To find appropriate
instruments, we utilize a unique feature of our data that pro-
vides us information on posts across similar destinations.
Specifically, we use “the average reach of all prior posts pub-
lished by the other similar destinations of the firm except the
focal one” as the instrumental variable. This instrument
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measures the reach of posts published by similar destinations
ensuring that there is no correlation with the error term and
any variations in focal reach will be reflected similarly across
the destinations. We note that similar approaches have been
advocated and applied in recent studies (Dinner et al., 2014;
Rutz & Watson, 2019).

To specifically check the relevance and the exclusion re-
striction criteria for the chosen instrument, we performed sev-
eral analyses. First, we computed the Sanderson-Windmeijer
(SW) χ2 statistic, which tests the null hypothesis that the en-
dogenous regressor in question is unidentified (Rutz &
Watson, 2019; Sanderson & Windmeijer, 2016). The results
demonstrate that the null hypothesis is rejected: χ2 = 638.19,
p < 0.01. We also estimated the SW F and Stock-Wright S
statistics which test the null hypothesis that the coefficient of
the endogenous regressor in the structural equation is equal to

zero. The results confirm that the equation is not weakly iden-
tified: F (1, 7254) = 636.19 and χ2 = 51.38, p < 0.01,
respectively, verifying the strength of the instrument.
Finally, we analyzed that the instrument is not significantly
correlated with the error term (r = 0.013, p > 0.10) and that
its explanatory capacity regarding the error is not significant
(β = 0.00, p > 0.10). Based on these results, we feel the
choice of our instrumental variable is appropriate in our
context.

Results

The results of the estimation of our proposed model are pre-
sented in Table 4. This table first presents results from a model
with only control variables followed by a model that includes

Table 2 Operationalization of variables and descriptive statistics

Variable Operationalization Mean S.D.

Relational
content

Variable indicating if the post appeals to the bond that the individual maintains with her/his social systems
(friends, family, partners, etc.). Measured with a five-point scale by human raters (see Web Appendix C).

2.18 0.77

Intellectual
content

Variable indicating if the post appeals to the individual’s conscious mental processes related to the practical
resolution of problems, the stimulation of curiosity, or the application of the individual’s creativity.
Measured with a five-point scale by human raters (see Web Appendix C).

3.16 1.03

Affective content Variable indicating if the post appeals to the individual’s affective system through the feelings and emotions
(s)he can experience during the interaction and consumption. Measured with a five-point scale by human
raters (see Web Appendix C).

1.86 0.68

Behavioral
content

Variable indicating if the post appeals to the individual’s physical or behavioral actions. Measured with a
five-point scale by human raters (see Web Appendix C).

2.29 0.97

Sensory content Variable indicating if the post appeals to human senses with the aim of developing sensorial experiences:
sight, hearing smell, taste, and touch. Measured with a five-point scale by human raters (see Web
Appendix C).

2.48 0.85

Loyalty program Dummy variable indicating if the firm sales related to the post j are made to a loyalty programmember (value
1). Obtained from firm’s internal data.

n.a. n.a.

Weather
favorability

Dummy variable indicating if the weather conditions are favorable (1) or adverse (0). Measured by a public
weather station.

0.52 0.50

Season Variable indicating the season when the post was published, with 1 for 2015–16 and 2 for 2016–17.
Measured by Facebook Insights.

1.48 0.50

Reach Variable indicating the number of the unique users (i.e., the number of people) who had the post displayed on
their screen. This is a continuous variable, Ln transformed, obtained from Facebook Insights.

17,011.31 52,786.81

Word count Variable indicating the number of words included in the post. This is a continuous variable, Ln transformed,
measured by Linguistic Inquiry and Word Count (LIWC; Pennebaker et al., 2015).

36.05 26.71

Multimedia Dummy variable indicating if the post contains multimedia content (i.e., photos and/or videos) (1) or if it
includes only text (0). Measured by human raters and Facebook Insights.

0.99 0.08

Specific event Dummy variable indicating if the post refers to specific events (value 1). Coded by human raters. 0.03 0.16

Holidays Dummy variable indicating if the post is published during holidays (value 1). Measured by human raters and
Facebook Insights.

0.20 0.45

Time fixed
effects

Five dummy variables indicating if the post was published during certain hours. The first indicator variable
served as the default:

1. at night, 00.01–08.00; 2. morning work hours, 08.01–12.00; 3. afternoon work hours, 12.01–16.00;
4. after work, 16.01–20.00; 5. after dinner, 20.01–00.00. Coded by human raters from Facebook Insights.

n.a. n.a.

Destination fixed
effects

Dummy variables indicating the destination related to the post. Coded by human raters from Facebook
Insights.

n.a. n.a.

Online sales Online sales made to loyalty or non-loyalty program members that occurred during the active time period of
the post. This period begins when the post is published and finishes when a new post appears. This is a
continuous variable that is Ln transformed, obtained from firm’s internal data.

3098.60 5708.78
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the control and independent variables (i.e., five dimensions of
experiential content and loyalty program membership).
Finally, it reports findings that include the main effects of
the experiential dimensions and hypothesized interactions.
We find that the proposed model has a superior fit in terms
of the adjusted R-square. Three dimensions of experiential

content significantly impact online sales: relational (bβ 1 =

0.151, p < .05), intellectual (bβ 2 = 0.149, p < .01), and

behavioral (bβ 4 = 0.325, p < .01) content. However, the
affective and sensory dimensions do not have significant ef-

fects (bβ 3 = −0.055, bβ 5 = −0.006, both p > .10) on sales.
The negative coefficient of the loyalty program membership
dummy variable indicates that total sales to loyalty program
members are lower than to non-members. This occurs since
there are many more non-loyalty program customers when
compared to the number of loyalty program customers.

Regarding the interaction effects, we find that the relational
and intellectual content dimensions have greater effects on

loyalty program sales (bβ 7 = 0.201, p < .05 and bβ 8 =
0.163, p < .05, respectively), while behavioral content influ-

ences non-loyalty program sales to a greater extent (bβ 10 =
−0.178, p < .05). Interaction effects between affective and
sensory content dimensions and loyalty program are not sig-

nificant (bβ 9 = 0.109, p > .10; bβ 11 = −0.105, p > .10,
respectively). Thus, we find that hypotheses H1, H2, and H4
are supported while neither H3’s competing hypotheses nor
H5 are supported.

Robustness checks

To ensure that our results hold across differing conditions we
conduct several robustness checks (Tables 5, 6, 7 and Web
Appendix D). These include an alternative dependent vari-
able, re-estimation after controlling for transactional posts,
models with additional customer information, alternative time
period, and additional analysis to account for the role of
weather conditions. We discuss each of these checks below.

First, we re-estimate the model with a new dependent var-
iable: Average ticket per transaction, which refers to the nat-
ural log of the average ticket purchased by customers during
the active time period of a social media post. Table 5 shows
that these results are similar to our main reported effects.
Specifically, we find that the relational and intellectual content
dimensions have positive and significant effects on the aver-
age ticket per transaction made by loyalty program customers

(bβ 7 = 0.146, p < .05 and bβ 8 = 0.091, p < .10, respectively),
while behavioral content significantly influences the average

transaction with non-loyalty program customers (bβ 10 =
−0.112, p < .05). The main inference that we can make from
this analysis is that these experiential dimensions of BGC not
only positively impact total online sales but also increase theTa
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average amount that each customer spends on a transaction. It
is noteworthy that the coefficient for the loyalty program dum-
my variable is negative, indicating that the average ticket per
transaction is higher for non-loyalty program members. This
occurs since non-loyalty program members typically opt for
longer holidays in larger groups, requiring a more sizeable ski-
pass purchase as indicated by our data. On the contrary, loy-
alty program members visit more frequently, but make shorter
trips with fewer guests.

Second, we note that some of the posts in our data have a
more pronounced transactional focus. These posts intend to
increase sales by explicitly including a call to purchase, con-
taining specific information about promotions or prices.
Raters noted posts with a transactional focus, using an indica-
tor variable (n = 432). To ensure that the transactional focus
of social media posts does not confound our results, we re-
estimate our model with a sample that excludes such posts.
Our results are robust to this new sample (see Panel A,
Table 6). As an additional related check, we also estimate a
new model with transactional focus as a control variable. We
note that our results continue to hold in these alternate analy-
ses (see Panel B, Table 6).

Third, we estimate a model that includes additional loyalty
program customer information. It is conceivable that a few
high spending loyal ty program customers could

disproportionately drive sales, leading to inaccurate or biased
estimates. To control for this potential confound in our analy-
sis, we include the average spending of a loyalty program
customer as a control variable in our model and re-estimate
it. The findings from this analysis are consistent with our main
results discussed earlier (see Table 7).

Web Appendix D includes two additional robustness
checks which demonstrate the stability of the results with re-
spect to time period and weather conditions.

Overall, the results are robust to alternative specifications,
additional controls, and sampling approaches, increasing our
confidence in the reported hypothesis tests, which again sup-
port H1, H2 and H4. It is interesting to consider possible
explanations with respect to the lack of significant effects
relating to H3 and H5. Regarding H3, consistent with the
literature on the processing of affective content (e.g., Ruiz &
Sicilia, 2004), it seems likely that message recipients may
have varied processing tendencies. These results indicate that
the implications of the application of systematic processing to
affective content may depend on other characteristics. It is also
conceivable that the two competing processes hypothesized
each occur in some customers, which leads to a non-
significant effect for the sample as a whole. With regard to
H5, sensory content does not significantly influence sales to
either group, nor show significant differences between groups.
While prior work has proposed that this kind of content can
drive liking behavior (Cvijikj & Michahelles, 2013; de Vries
et al., 2012), our findings suggest that it is not significant in
generating sales, though further study will be needed to con-
firm this in other contexts. It does seem plausible that the
contemporary social media context is stimulating to the point
that sensory content is not a predictable method of generating
sales with either of the customer groups examined here. The
employment of imagery (e.g., pictures, videos) is so common-
place in the online environment that sensations may not be
evoked. Nevertheless, in other emergent technological con-
texts, such as virtual assistants or chatbots, sensory stimula-
tion may come into play during customer interactions derived

Fig. 1 Loyalty program sales across published posts

Fig. 2 Non-loyalty program sales across published posts

Fig. 3 Total sales across published posts
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from artificial intelligence features, generating experiential
value (Hoyer et al., 2020; Pagani et al., 2019).

Discussion

Social media has achieved widespread consumer adop-
tion while being put to near ubiquitous use by mar-
keters, though key issues related to its efficacy remain
unanswered. Research related to BGC has focused on
message characteristics such as timing, valence and for-
mat, but hardly any studies have yet addressed how
customer experiences can be induced or how the effects
of these experiences may shift across customer groups
(see Table 1). Since BGC can include numerous expe-
riential dimensions, each with a different impact on cus-
tomers, it becomes vital to identify and study these di-
mensions to understand how they can be effectively
leveraged to engage different customer groups. Thus,
in our manuscript, we examine the effects of multiple
experiential dimensions of BGC on a firm’s sales to

loyalty program vs. non-loyalty program customers.
Our results show that these dimensions differentially
impact loyalty and non-loyalty program members. In
this way, we demonstrate the importance of looking
beyond on-platform responses and show the relevance
of jointly analyzing two topics that are rarely examined
together in past work (Table 1): social media and loy-
alty programs.

Those dimensions requiring deeper processing on behalf of
the recipient, particularly relational and intellectual content,
have a greater effect in driving sales to loyalty program mem-
bers. Although these dimensions influence both groups of
customers, an increased ability and motivation to deeply pro-
cess these messages renders their effect greater in loyalty pro-
gram customers, who have established relationships with the
brand. On the contrary, behavioral content, which is intuitive
and demands little cognitive effort, boosts sales to non-loyalty
program customers more effectively. This finding supports
Chen and Chaiken’s (1999) speculation that there may exist
particular instances under which shallower processing can be
more impactful in determining persuasion.

Table 4 Influence of brand-generated content on total online sales

Parameter Est.a Std. Error Parameter Est.b Std. Error Parameter Est.c Std. Error

Relational content 0.251*** 0.049 0.151** 0.069

Intellectual content 0.231*** 0.044 0.149*** 0.057

Affective content −0.000 0.056 −0.055 0.077

Behavioral content 0.236*** 0.039 0.325*** 0.054

Sensory content −0.058 0.072 −0.006 0.082

Loyalty program −1.198*** 0.069 −1.688*** 0.431

Relational content * Loyalty program 0.201** 0.087

Intellectual content * Loyalty program 0.163** 0.070

Affective content * Loyalty program 0.109 0.100

Behavioral content * Loyalty program −0.178** 0.071

Sensory content * Loyalty program −0.105 0.081

Weather favorability 0.679*** 0.069 0.717*** 0.069 0.717*** 0.068

Season 0.099 0.083 0.205** 0.079 0.205** 0.079

Ln(Reach) 0.773*** 0.098 0.802*** 0.107 0.802*** 0.106

Ln(Word count) −0.168*** 0.056 −0.581*** 0.076 −0.581*** 0.075

Multimedia −0.368 0.399 −0.437 0.397 −0.436 0.395

Specific event 0.761*** 0.197 0.465** 0.195 0.465** 0.196

Holidays −0.275*** 0.076 −0.277*** 0.075 −0.277*** 0.075

Time fixed effects Yes Yes Yes

Destination fixed effects Yes Yes Yes

Lag Ln(Sales) 0.438*** 0.011 0.371*** 0.012 0.371*** 0.012

Constant −5.882*** 0.925 −5.969*** 0.936 −5.728*** 0.961

Adjusted R-squared 0.292 0.329 0.331

Number of observations 7292

* p < 0.10; ** p < 0.05; *** p < 0.01

Note: a Control effects; b Control and main effects; c Control, main and interaction effects
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Our key takeaways for researchers and practitioners are as
follows:

Takeaway 1: Social media marketers should harness the
power of experiential content. The experiential dimen-
sions of BGC emerge as an organizing framework for
digital marketing that provides the necessary vocabulary
to understand customers’ experiences in social media and
to consciously emphasize different types of content to
optimize results with particular customer groups.
Takeaway 2: Social media marketers should coordinate
loyalty programs and BGC. Content will be more effec-
tive in driving sales if it is adapted to different customer
groups, here our focus was membership in the firm’s
loyalty program. Our findings help to better explain
how to intelligently shift away from producing static
“one-size-fits-all” content to effectively developing and
presenting optimal content to distinct customer groups.
Takeaway 3: Social media marketers should develop re-
lational and intellectual content to drive sales to loyalty
program members, and behavioral content to sell to non-

loyalty program members most effectively. In particular,
while intellectual content could include polls, riddles, and
quizzes, relational content could focus on consumption
situations that emphasize the importance of family,
friends, and close connections in life. Behavioral content
could illustrate actions related to the brand, such as dem-
onstrating and encouraging alternative uses of its prod-
ucts. In this way, firms can drive customer response by
consciously planning, executing, and monitoring differ-
ent kinds of content - particularly those dimensions that
have shown past effectiveness for the firm. A firm mon-
itoring its posts may notice a lack of recent content
reflecting one or more of these three dimensions and ad-
dress this in future posts. Setting targets for the number of
weekly posts that focus on each of these dimensions
should be a best practice.

Table 8 shows the percentage increase (decrease) in online
sales expected from a one standard deviation change from the
mean for each dimension of the experiential content, for both
loyalty and non-loyalty programmembers.While these values

Table 5 Influence of brand-generated content on the average ticket per transaction

Parameter Est.a Std. Error Parameter Est.b Std. Error Parameter Est.c Std. Error

Relational content 0.169*** 0.033 0.096** 0.047

Intellectual content 0.169*** 0.029 0.125*** 0.040

Affective content 0.025 0.038 0.014 0.054

Behavioral content 0.134*** 0.026 0.189*** 0.038

Sensory content 0.030 0.052 0.069 0.060

Loyalty program −1.077*** 0.049 −1.272*** 0.293

Relational content * Loyalty program 0.146** 0.058

Intellectual content * Loyalty program 0.091* 0.048

Affective content * Loyalty program 0.021 0.068

Behavioral content * Loyalty program −0.112** 0.048

Sensory content * Loyalty program −0.078 0.055

Weather favorability 0.425*** 0.047 0.467*** 0.047 0.468*** 0.046

Season 0.096* 0.057 0.170*** 0.054 0.170*** 0.054

Ln(Reach) 0.342*** 0.073 0.353*** 0.080 0.354*** 0.079

Ln(Word count) −0.077** 0.039 −0.348*** 0.052 −0.348*** 0.052

Multimedia −0.091 0.282 −0.193 0.278 −0.193 0.277

Specific event 0.354*** 0.129 0.207* 0.126 0.207* 0.126

Holidays −0.104** 0.053 −0.113** 0.051 −0.113** 0.051

Time fixed effects Yes Yes Yes

Destination fixed effects Yes Yes Yes

Lag Ln(Average ticket per transaction) 0.406*** 0.012 0.304*** 0.013 0.303*** 0.013

Constant −2.871*** 0.667 −2.776*** 0.676 −2.680 0.696

Adjusted R-squared 0.259 0.317 0.318

Number of observations 7292

* p < 0.10; ** p < 0.05; *** p < 0.01

Note: a Control effects; b Control and main effects; c Control, main and interaction effects
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are substantial, we note that our dependent variable only in-
cludes online sales and Facebook was the firm’s primary on-
line presence, making for a highly sensitive test. With regard
to the other two dimensions, our results suggest that (at least in
our context) social media marketers should not particularly
emphasize affective and sensory content. Here, these dimen-
sions do not significantly impact sales to either customer
group examined. Importantly, we note that these findings are
based on an experiential offering and challenge future re-
searchers to extend these findings in other contexts below.

Theoretical contributions

Our manuscript offers two important contributions:
First, although the base of research on BGC has grown

dramatically in recent years, examining issues such as mes-
sage form, timing, and valence (Ashley & Tuten, 2015;
Colicev et al., 2018; Golder et al., 2007; Rutz & Bucklin,

2011), this is one of the first studies to examine how experi-
ences induced by brand-generated content affect financial out-
comes for the firm. Schmitt’s (1999) framework is shown to
be theoretically meaningful and applicable in the important
context of digital marketing. In this regard, our study repre-
sents an important step for the discipline, applying the full set
of five dimensions to advance our understanding of the effects
of social media experiences evoked by firms, and demonstrat-
ing their distinct financial consequences on important custom-
er groupings.

Second, this research makes significant contributions to the
literature on loyalty programs, adding insights from the con-
texts of online retailing (Dorotic et al., 2014) and social media
marketing (Rehnen et al., 2017). Prior research is silent on
how to generate a stronger response from loyalty program or
non-loyalty programmembers through social media, especial-
ly research connecting these tactics directly to firm perfor-
mance. While Kumar et al. (2016) show that consumers with

Table 6 Influence of brand-
generated content on total online
sales, controlling for the transac-
tional focus of the post

PANEL A PANEL B

Deleting posts with transactional
focus

Including an additional control
variable

Parameter Est. Std. Error Parameter Est. Std. Error

Relational content 0.142* 0.075 0.151** 0.068

Intellectual content 0.116* 0.062 0.152*** 0.057

Affective content −0.049 0.083 −0.054 0.077

Behavioral content 0.344*** 0.059 0.323*** 0.054

Sensory content −0.091 0.088 −0.004 0.082

Loyalty program −1.861*** 0.459 −1.679*** 0.431

Relational content * Loyalty program 0.163* 0.095 0.200** 0.087

Intellectual content * Loyalty program 0.220*** 0.075 0.162** 0.071

Affective content * Loyalty program 0.115 0.109 0.109 0.100

Behavioral content * Loyalty program −0.129* 0.078 −0.178** 0.071

Sensory content * Loyalty program −0.113 0.085 −0.107 0.081

Weather favorability 0.686*** 0.075 0.719*** 0.069

Season 0.182** 0.087 0.202** 0.079

Ln(Reach) 0.955*** 0.115 0.802*** 0.106

Ln(Word count) −0.625*** 0.084 −0.579*** 0.075

Multimedia −0.279 0.409 −0.436 0.395

Specific event 0.436** 0.204 0.465** 0.196

Holidays −0.317*** 0.078 −0.277*** 0.075

Time fixed effects Yes Yes

Destination fixed effects Yes Yes

Transactional focus – – 0.452* 0.273

Lag Ln(Sales) 0.358*** 0.013 0.371*** 0.012

Constant −7.215*** 1.124 −5.725*** 0.960

Adjusted R-squared 0.307 0.331

Number of observations 6428 7292

* p < 0.10; ** p < 0.05; *** p < 0.01
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more brand experience respond more favorably to BGC, this
study identifies specific experiential dimensions that loyalty
program members are more responsive to. As has been shown
for online shopping (Bleier et al., 2019; Martin et al., 2015),
our findings show that dimensions of customer experience are
also impactful through social media. Drawing on the heuristic-
systematic model (Chaiken, 1987), we theorize and empirical-
ly demonstrate that experiential dimensions of brand-
generated content do not generate a common, generalized re-
sponse across all users. Experiential dimensions’ efficiency
depends on the depth of recipients’ processing, rendering
these dimensions differentially impactful on loyalty and non-
loyalty program members. Loyalty program members, based
on their deepened connection to the brand (Steinhoff &
Palmatier, 2016), are more willing to put forward the effort
to process cognitively demanding social media posts. They
have an increased capacity to interpret complex messages
(Gorlier & Michel, 2020) and are more likely to be prompted
to purchase by intellectual and relational content. Conversely,
non-loyalty program members are more influenced by mes-
sages that demonstrate customer action (i.e., behavioral

content). Thus, advancing our knowledge of which types of
content more strongly impact particular customer groups is
critically important. Better understanding the differences in
the effectiveness of social media communication depending
on loyalty program membership marks a meaningful contri-
bution of this study.

It is interesting to note that affective content is not seen to
significantly influence sales, while relational content effec-
tively prompts sales from both groups and has even more
effect with loyalty program customers. This finding contrasts
with previous research on BGC, which has shown that emo-
tional content can influence customer response (e.g., Berger &
Milkman, 2012; Lee et al., 2018) though this work has often
overlooked relational content. In this way, we demonstrate the
importance of investigating these logically connected but dis-
tinct dimensions in tandem so as to distinguish the effects of
affective vs. relational content.

Limitations and future research

This manuscript is the first study to examine how experien-
tial content in social media impacts online sales, distin-
guishing between loyalty and non-loyalty program
members. As with any study, limitations should be ac-
knowledged. First, our research questions are investigated
in context of an experiential offering (tourism), which may
limit generalizability. Future research that can examine po-
tential differences in the effectiveness of BGC dimensions
across product categories (e.g., hedonic vs. utilitarian prod-
ucts) may prove interesting. Specifically, work in other
contexts that is also able to distinguish the affective and
relational dimensions of BGC is warranted. Furthermore,
we do not control for all possible forms of informational
cues in this research. Future work that is able to, for in-
stance, control for the effects of cues pertaining to different
product attributes may prove interesting.

Some recent work has argued that user reactions differ by
platform (Schweidel &Moe, 2014). While this study analyzes
data exclusively from the most widely used social network, it
would also be interesting to compare and contrast effects
across different social media platforms (e.g., Instagram,
TikTok, Twitter). This type of analysis may provide evidence
of generalizability, or identify particularities of each social
network, due to, for instance, the effects of Facebook’s algo-
rithms in presenting posts to viewers. Additionally, given the
rise of mobile social marketing (Grewal et al., 2020), it would
also likely prove worthwhile to examine the intersection of
recipient location, experiential dimension, and loyalty pro-
gram membership.

Supported by a pilot study (Web Appendix A) and findings
from our hypotheses testing, we consider loyalty program
customers to be more apt to process the firm’s social media
messages through systematic processing. The pilot study did

Table 7 Influence of brand-generated content controlling for average
loyalty program customer spending

Parameter Est. Std. Error

Relational content 0.152** 0.069

Intellectual content 0.140** 0.057

Affective content −0.054 0.077

Behavioral content 0.325*** 0.054

Sensory content −0.003 0.082

Loyalty program −1.953*** 0.429

Relational content * Loyalty program 0.207** 0.087

Intellectual content * Loyalty program 0.187*** 0.070

Affective content * Loyalty program 0.101 0.100

Behavioral content * Loyalty program −0.179*** 0.070

Sensory content * Loyalty program −0.077 0.087

Weather favorability 0.702*** 0.068

Season 0.238*** 0.079

Ln(Reach) 0.786*** 0.106

Ln(Word count) −0.579*** 0.075

Multimedia −0.447 0.386

Specific event 0.482** 0.194

Holidays −0.300*** 0.074

Time fixed effects Yes

Destination fixed effects Yes

Average loyalty program customer spending 0.297*** 0.052

Lag Ln(Sales) 0.368*** 0.012

Constant −5.539*** 0.957

Adjusted R-squared 0.340

Number of observations 7292

* p < 0.10; ** p < 0.05; *** p < 0.01
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not find significant differences in processing time allocated to
a brand’s message across loyalty program members and non-
members. Future experimental research that focuses on
uncovering differences between these two groups in terms of
other objective measures will likely prove fruitful. Beyond
this, there are other interesting questions regarding systematic
processing. For instance, there may exist non-loyalty program
customers (e.g., new customers) who are highly involved in
information search and thus process messages systematically.
Future work that focuses on tactics to identify and target cus-
tomers with gaps between their desired and actual knowledge
levels is likely to prove worthwhile and may help firms effec-
tively promote their loyalty programs. Loyalty program join-
ing behavior is another meaningful outcome of interest that we
challenge future researchers to examine.

It may also prove worthwhile to take more fine-grained
approaches to the sensory and affective dimensions. For
instance, Harmeling et al. (2015) show differing effects across
retreat and agonistic emotions, which may (conceivably) both
be spurred by sensory content. Finally, since our study focuses
on firm generated content’s impact on sales, we use data
pertaining only to communication from the firm via social
media. Future research that jointly examines the effects of
brand-generated content and user generated content will prove
fruitful; experiential dimensions may also be meaningful in
related contexts such as consumer to consumer buzz
(Houston et al., 2018).

Finally, while the data employed for this project (a census
of online loyalty and non-loyalty program sales connected to
social media posts) allow us to derive rich and meaningful
implications, other approaches to related questions may also
generate insights not available using the post as the unit of
analysis. For instance, access to disaggregated customer data
could further illuminate the underlying mechanisms.
Connecting the firm’s social media tactics to blended online
and offline consumption may provide other valuable insights.
Beyond this, controlled experiments or netnographic research
could examine the customer’s journey to loyalty program
membership, and perhaps how this journey impacts future
responses to social media.

Supplementary Information The online version contains supplementary
material available at https://doi.org/10.1007/s11747-022-00869-4.
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